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Executive summary 

The future of human-computer interactions (HCI) will be Agentic. Period. Full Stop! Companies 
the world over are currently scrambling to deliver more agents, with more capability and greater 
access. As part of this growth, software is moving from “humans operating apps” to “agents 
operating systems and services on a human’s behalf.” The interface of that future will not just be 
a screen or finding a person interacting with dozens of individual agents. It will be a single-
persistent “personal” agent that represents an individual across many other services. 

That personal agent will need to be your trusted partner, as capable as the best executive 
assistant, and know you as well as your best friend does. 

What will that singular personal agent look like? We don’t have to go very far to answer that 
question. The “ideal” personal will feel like a trusted human executive assistant would today: it 
should remember your preferences, priorities, and context across time, and it can act on your 
behalf with scoped permissions and confirmation gates for anything high stakes. However, that 
usefulness will not be just about tools and memory. A great human executive assistant succeeds 
because they understand how you think and how you like things handled: how direct you want 
communication, what level of detail you need, how you decide, what you hate, what you’ll 
tolerate, and what you’ll never forgive. A personal agent needs that same personality-level 
model, otherwise it will remain a capable tool that never becomes a trusted proxy. 

Resonant exists for that specific objective: to give an AI Agent the most advanced, thorough, and 
accurate understanding of a user’s personality possible. Resonant is a behavioral intelligence 
layer that enables person-specific communicative alignment. It performs a meaning-preserving 
behavioral edit: the intent stays the same, but the delivery is adapted to the user’s personality 
(e.g., communication preferences, values, motivations, etc.) in a consistent, measurable way. 

The macro shift: from apps to agents 

Major platforms are now building explicit agent infrastructure that assumes agents will be 
persistent and will use memory. Google Cloud’s Agentspace is positioned as a hub for deploying 
and creating enterprise agents, including an agent gallery and no-code creation tools. Google’s 



Vertex AI Agent Engine includes Memory Bank, describing long-term memories as personalized 
information accessible across multiple sessions to create cross-session continuity. Microsoft is 
describing the same future through an enterprise “control plane” for managing agent fleets. 
Agent 365 is explicitly framed as infrastructure for agent inventory, telemetry, dashboards, and 
oversight across an organization’s agents. Beyond Google and Microsoft, the same architecture 
is showing up across the ecosystem. AWS Bedrock Agents support memory that retains context 
across multiple sessions. OpenAI’s Agents SDK provides built-in session memory to preserve 
context across agent runs. Salesforce’s Agentforce platform emphasizes agent management at 
scale and publishes mechanisms for structured agent memory and grounding. Taken together, 
these developments point to the same conclusion: agents are being treated as persistent, managed 
actors, with explicit memory and orchestration becoming standard platform primitives. Taken 
together, the direction is clear: agents are becoming first-class actors inside modern platforms. 

The human reality: nobody wants a swarm of agents 

We already have the “fragmentation problem” today. Knowledge workers lose time and attention 
to tool switching and app toggling. Harvard Business Review summarized research finding that 
workers toggled roughly 1,200 times a day, adding up to nearly four hours a week reorienting 
after toggles. Organizations also face real SaaS sprawl. BetterCloud’s State of SaaS 2025 report 
shows an average of 106 SaaS apps per company in 2024 (down from 112 in 2023) and 
highlights ongoing consolidation pressures. 

Consumers feel a related version of the same pain. Deloitte’s Connected Consumer study 
reported that 28% of consumers felt overwhelmed by the devices and subscriptions they need to 
manage. An agentic future can easily recreate this as “agent sprawl”: many helpers, each with 
separate memory, preferences, and interaction styles.  

The more plausible end state is a primary agent that represents the person, plus specialized 
agents it coordinates as needed. 

The personal-agent thesis: one stable proxy for one human 

A personal agent must be more than a chatbot. It must function as a reliable proxy across time 
and across contexts. The platform roadmaps already imply three requirements: 

• Continuity across time via long-term memory and cross-session retrieval. 
• Planning and action, meaning agents can execute multi-step tasks and operate tools. 

(Microsoft’s agent infrastructure emphasis reflects this direction). 
• A stable model of the user, so the agent can communicate and decide in a way that fits 

the person it represents. 

Long-term memory stores history. A user model makes that history usable. 

 

 



The bottleneck: trust breaks without person-specific communication alignment 

Trust is not a soft feature. It governs reliance on automation, especially when systems are 
complex, and users cannot fully understand them. Lee and See’s widely cited review argues that 
trust influences reliance and becomes especially important when complexity makes complete 
understanding impractical. 

For agents, a common trust failure is not “wrong answer.” It is “wrong landing.” Communication 
style materially changes how users respond to the same functional outcome. A 2024 study in 
Humanities and Social Sciences Communications found that chatbot communication style 
influenced outcomes like satisfaction and behavioral intentions, with factors like perceived 
warmth playing a mediating role. 

This is also why real-time emotion detection is incomplete. State detection can help identify 
HOW someone is feeling in the moment, but it does not reliably explain WHY a person interprets 
directness, reassurance, ambiguity, or brevity the way they do. Without a stable user model, 
systems drift back toward generic communication defaults. 

The missing layer: singular understanding 

If companion products aim to feel like a “best friend,” relationship science is blunt about what 
creates that experience: the feeling of being understood. Research on intimacy highlights 
perceived partner responsiveness, broadly defined as feeling understood, validated, and cared 
for. Intimacy models describe closeness as a process where self-disclosure is met with 
responsiveness, which accumulates over time into the experience of being known. 

Resonant uses this as a design target, not as a claim to replace human relationships. The point is 
narrower: if a product competes in companionship or personal-agent categories, users will judge 
it on the repeated experience of responsiveness and fit. As stated in the summary, individuals 
will expect their personal agent to act like a trust executive assistant, one that understands how 
they think and how they like things handled (e.g., how direct they want communication, what 
level of detail they need, how they like to make decisions, what they hate, what they’ll tolerate, 
and what they’ll never forgive). A personal agent needs that same personality-level model, or it 
will remain a capable tool that never becomes a trusted proxy. 

What Resonant is 

Resonant is a behavioral intelligence layer that enables person-specific communicative alignment 
for AI agents and companion systems. It performs a meaning-preserving behavioral edit: the 
agent’s intent remains the same, but the delivery is adapted to the individual’s unique personality 
and communication preferences, ensuring it lands consistently, even across different contexts 
and situations. Research on trust in automation emphasizes that predictability and consistency 
shape reliance, especially when systems are complex and partially opaque to users. Resonant is 
built to improve that predictability at the human-facing layer. 

Turning your personal assistant into a personal-ity assistant 



Resonant does this by representing the user through a structured 29-point Personality Print, an 
operational model designed to capture the kinds of stable patterns a trusted human executive 
assistant learns only after many hours, months, or years of working closely together. In practice, 
the assistant who becomes indispensable is not the one who “remembers facts.” It is the one who 
understands how you want information framed, how direct you want communication, how much 
context you need, what stresses you out, what you will ignore, and what you will never tolerate. 
Resonant is designed to give agents that same level of person-specific awareness, without 
requiring years of trial-and-error interaction. 

Resonant is intentionally narrow. It does not aim to replace the agent, the tool layer, or the 
memory layer. It does not focus on making the agent more reliable, or capable, or accurate. 
Resonant is strictly focused on serving as the personal awareness layer (thus the .io), the part that 
makes a capable agent feel like a trusted proxy rather than a generic system that happens to be 
helpful. 

 

How Resonant works 

Resonant adds a stable user model into an agent’s interaction loop: 

1. Profile creation: The user can start from a lightweight archetype choice or complete a 
deeper assessment, depending on the product context. 



2. Personality Print: Resonant generates a structured, operational profile intended to 
predict how this person interprets communication. (Resonant’s internal format includes a 
29-point Personality Print, described below as a company-provided asset.) 

3. Behavioral editing: When an agent produces raw output, Resonant behaviorally edits it 
to match the user. 

4. Integration with memory: Agent memory systems support continuity. Resonant focuses 
on how to communicate about what memory retrieves. Google’s Memory Bank is a clear 
example of how memory is becoming standardized in agent stacks.  

What Resonant is designed to lift 

If Resonant is valuable, it will show up in metrics that companion AI and personal-agent 
businesses already care about: 

• Retention and churn (do users keep coming back) 
• Session depth and frequency (do users engage more often and longer) 
• Time-to-bond (how quickly does it feel “for me”) 
• User trust signals (willingness to delegate, reduced correction loops) 
• Conversation repair rate (how often the agent has to backtrack due to mismatch) 

Resonant is built to support A/B testing at the message layer: identical intent, different delivery, 
measured on behavioral outcomes. 

Why Resonant.io is positioned to win 

Resonant’s advantage rests on four things: credibility, data, mechanism, and compounding 
improvement: 

• Science-based & Validated. First, Resonant is grounded in proven industrial-
organizational psychology and applied behavioral science. The company’s approach is 
based on long-running psychometric work inside real organizations. Resonant’s 
Personality Print has been honed on real company metrics that include decades of 
experience, across tens of thousands of organizational clients, and tens of millions of 
employees profiled. 

• Direct intelligence. Second, Resonant’s differentiation is not that it can “guess 
personality.” Many systems can infer a rough style from text. Resonant’s claim is that it 
has structured behavioral ground truth at scale, represented as a 29-point Personality Print 
(Figure 1), and that this ground truth can be used to train and validate whether 
communication alignment is actually improving. 

• Operationalized personalization. Third, Resonant turns personalization into an 
operational layer. Instead of describing personalization in abstract terms, it provides a 
repeatable behavioral editing system that can be measured, monitored, and improved over 
time. This is consistent with established research on trust in automation, which shows 
that trust strongly shapes reliance when systems are complex and imperfect. 



• Dynamic modeling. Finally, Resonant’s approach is designed to compound. If the 
underlying dataset continues to grow, the user-modeling and behavioral editing rules can 
improve with additional examples, refinement, and validation. 

Where Resonant fits 

Resonant fits anywhere an agent must earn durable trust with a human: 

• Personal agents representing a user across services and devices 
• Companion AI products where relationship continuity is the product 
• Enterprise agents where adoption depends on trust and delegation 

Agent platforms are converging on modular stacks with memory and orchestration, which makes 
“drop-in” alignment layers feasible. 

Why now 

Two things are happening at the same time: 

• Agent infrastructure is becoming mainstream and standardized around memory and 
orchestration. 

• As raw capability becomes more common, trust becomes the choke point, and trust is 
strongly influenced by predictability and human-facing interaction quality. 

Resonant is built for that choke point: person-specific communicative alignment that makes 
agents usable as stable proxies. 

Practical next step 

We know the personality instrument and outputs behind Resonant are valid and reliable through 
years of scientific validity work and real-world proof cases in enterprise clients. What remains 
hypothetical is how well an AI Agent can be taught to use that information (i.e., an individual’s 
personality) to connect on a much more individual level.  

The cleanest way to validate Resonant is a controlled pilot. Take an existing agent, route a subset 
of its outputs through Resonant’s behavioral editing layer, and compare outcomes against a 
matched control group receiving the unedited baseline. The intent stays the same. Only delivery 
changes. That design makes the test honest and isolates what Resonant actually contributes. 

Success should be judged on the KPIs that matter in real deployments: retention and churn, 
session frequency and depth, shorter time-to-bond, stickiness, fewer “repair loops” where users 
correct or reframe the agent, and stronger trust signals such as increased willingness to delegate 
higher-stakes tasks without micromanagement. 
 

 



The Call 

Resonant is actively seeking partners who either have a personal agent in the market today or are 
building one now. The goal is straightforward: validate whether person-specific communicative 
alignment measurably increases trust and delegation, and learn quickly where it does not. If the 
hypothesis holds, partners gain a differentiated trust layer that becomes harder to replicate as it 
compounds through use. If it does not, we all find out fast, with clean data, and move on without 
mythology. 

 

 


